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Background: Many studies suggest that exposure to natural environments (‘greenspace’) enhances human health
and wellbeing. Benefits potentially arise via several mechanisms including stress reduction, opportunity and
motivation for physical activity, and reduced air pollution exposure. However, the evidence is mixed and sometimes
inconclusive. One explanation may be that “greenspace” is typically treated as a homogenous environment type.
However, recent research has revealed that different types and qualities of natural environments may influence
health and wellbeing to different extents.
Methods: This ecological study explores this issue further using data on land cover type, bird species richness,
water quality and protected or designated status to create small-area environmental indicators across Great Britain.
Associations between these indicators and age/sex standardised prevalence of both good and bad health from the
2011 Census were assessed using linear regression models. Models were adjusted for indicators of socio-economic
deprivation and rurality, and also investigated effect modification by these contextual characteristics.
Results: Positive associations were observed between good health prevalence and the density of the greenspace
types, “broadleaf woodland”, “arable and horticulture”, “improved grassland”, “saltwater” and “coastal”, after adjusting
for potential confounders. Inverse associations with bad health prevalence were observed for the same greenspace
types, with the exception of “saltwater”. Land cover diversity and density of protected/designated areas were also
associated with good and bad health in the predicted manner. Bird species richness (an indicator of local
biodiversity) was only associated with good health prevalence. Surface water quality, an indicator of general local
environmental condition, was associated with good and bad health prevalence contrary to the manner expected,
with poorer water quality associated with better population health. Effect modification by income deprivation and
urban/rural status was observed for several of the indicators.
Conclusions: The findings indicate that the type, quality and context of ‘greenspace’ should be considered in the
assessment of relationships between greenspace and human health and wellbeing. Opportunities exist to further
integrate approaches from ecosystem services and public health perspectives to maximise opportunities to inform
policies for health and environmental improvement and protection.
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Natural environments and health and wellbeing
Whilst the relationships between natural environments
(from urban greenspace to wilderness), human health and
wellbeing have been explored over several decades, there
has been a rapid growth in research in this field, and asso-
ciated policy interest, in recent years. The potential saluto-
genic (‘health creating’ [1]) effects of natural environments
are of interest in terms of tackling a wide variety of issues,
such as obesity [2], mental health [3-5], mortality [6], per-
ceived general health [7,8], specific morbidities including
cardiovascular disease and musculoskeletal complaints [3],
birthweight [9], and recovery from surgery [10]. Natural
environments have also been proposed as a tool to help
reduce socio-economic health inequalities [6,11]. Mecha-
nisms proposed for these relationships include psycho-
logical processes of attention restoration [12] and stress
reduction [13], opportunity/motivation for increased phys-
ical activity [14], reduced exposure to air pollution [15],
immunological function associated with exposure to
‘healthy’ ecosystems [16] and opportunity for social con-
tact [17]. Reviews indicate that the evidence base is di-
verse, of mixed (often low) quality, and is by no means
conclusive [2,18-22]. The research exploring the various
individual mechanisms for these relationships has also
produced mixed findings and it is likely that any mecha-
nisms “intertwine” [18] as opposed to each operating in
isolation.
Type and quality of natural environment
It is possible that the relatively simplistic consideration
of natural environments in much of the earlier research
may, to some extent, explain part of the inconsistency
within the evidence base. This is plausible as different
types and qualities of environment might afford different
activities and promote variable psychological responses
in a multitude of contexts. Typically, all natural environ-
ments have been considered generically and aggregated
into a measure of so-called ‘greenspace’ without further
qualification as to type or quality. Measures of the dens-
ity of, or proximity to, these generic ‘green spaces’ are
classified as such based on cartographical databases of
land use (such as the English Generalised Land Use
Database (GLUD) [4,6]) or classifications of remotely
sensed land cover data, such as the European CORINE
data [23]. Normalised Difference Vegetation Index
(NDVI), derived from satellite imagery, has also been
used as a single measure of neighbourhood greenness
[9]. This homogenisation of ‘greenspace’ fails to consider
the variation in its type and quality, and has been
highlighted as a significant weakness in the evidence in
reviews of the literature [18,20,24,25].
Studies that have considered type or quality indicate
that more comprehensive consideration of naturalenvironments is warranted. For instance, research from
the UK suggests that different types of urban greenspace
(using a broad typology e.g. ‘sports’/‘natural’) may pro-
mote physical activity to different extents [26]. Research
in the Netherlands considered self-reported general
health, symptom scores and mental health in relation to,
proximal greenspace, divided into ‘urban green’, ‘agricul-
ture’ and ‘forest and nature’ areas [27]. This supported
positive health effects of ‘greenspace’ proximity overall
and found some variation across the three types of
‘greenspace’. Evidence of the health and wellbeing effects
of exposure to ‘blue space’ (coastal and inland water fea-
tures/environments) is growing, and is suggestive of
positive associations [5,11,28]. Swedish research found
an association between women’s mental health, through
physical activity mechanisms, and environment types
classified as ‘serene’ and ‘spacious’, following a factor ana-
lysis of perceived environmental characteristics [29].
Analysis of data on visits to natural environments has
made use of self-reported classification of environment
type, and indicated different strengths of association
with psychological wellbeing outcomes [30].
Additional research exists regarding preference for
characteristics of natural spaces, and while extensive in
its consideration of both type and quality, evidence is
limited in terms of relationships with specific health out-
comes [23,31-33]. However, some types of landscapes do
appear to be appreciated to a greater degree than others.
The most consistent differentiation in perception and
preference is found between ‘wild’ and more ordered
and managed landscape types [34]. Expressed prefer-
ences vary according to factors such as prior experience,
living context, culture and demographics [12,32].
Various aspects of environmental quality have been
considered in relation to greenspace usage, primarily fo-
cussed around social amenity and environmental incivil-
ity (such as litter). Generally these studies rely on
primary audits of local environments, using a variety of
tools, and have largely been focussed on supportiveness
for physical activity [35,36]. A study of four Dutch cities
considered perceived naturalness amongst other quality
characteristics such as accessibility, maintenance, ab-
sence of litter and safety using streetscape/greenspace
audits. In analyses with cross-sectional questionnaire
data on self-reported general health, these quality mea-
sures demonstrated additional explanatory power be-
yond simpler greenspace quantity measures [37].
Finally, linkages between biodiversity (ecological qual-
ity or state) and human health and wellbeing have been
explored, though efforts have largely focussed on poten-
tial sources of new medicines, food provision and infec-
tious diseases [38]. A recent systematic review of the
health promoting effects of biodiverse environments
identified only 17 studies, and while the evidence was
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mixed and firm conclusions could not be drawn [22].
Biodiversity measures used in the research were broad
ranging, including participant-perceived biodiversity, re-
searcher visual assessment of complexity, objectively
measured bird, butterfly and plant species richness,
NDVI (as a presumed correlate of biodiversity), and pro-
tected area density. The few studies that objectively mea-
sured aspects of biodiversity suggest associations with
psychological wellbeing outcomes, but inconsistently.
For example, in two detailed investigations in a UK city,
one found an association between measured bird and
plant species richness and some measures of psycho-
logical wellbeing [39], whilst another found associations
with lay perception of species richness, but not object-
ively measured richness [40].Aims & research questions
The Beyond Greenspace project aimed to develop small-
area measures reflecting environmental greenspace type
and quality, which could be combined with social survey
datasets to investigate associations with health and well-
being outcomes, in a manner comparable to previous
greenspace research [4,7]. The key research question
was: How are average levels of self-reported health in
small geographical areas associated with the type and
quality of different natural environments in those areas?
A secondary question was: Do any observed associations
between environmental measures and self-reported
health differ according to urban/rural context and area
socio-economic status?Methods
This study adopted a cross-sectional ecological approach
using routinely available secondary datasets. Several
small-area indicators of environmental type and quality
were constructed, and were analysed alongside data on
self-reported health from the 2011 Census.Geographical units
To be amenable to analysis with population socio-
economic and health datasets, environmental data were
allocated to Lower-layer Super Output Areas (LSOAs)
for England and Wales, and Data Zones (DZs) for
Scotland. These zones are a statistical census geography
that have been used previously for greenspace/health re-
search [7,11]. LSOAs and DZs are designed to include a
population of approximately 1,500, with a minimum of
1,000 and maximum 3,000 [41]. Environmental indica-
tors were constructed across Great Britain, but analyses
with census health data were restricted to English
LSOAs for reasons outlined below.Population general health
The 2011 UK census asked every individual the simple
question “How is your health in general?” with 5 pos-
sible answers: Very good; Good; Fair; Bad; Very bad.
Whilst this self-reported general health status assess-
ment is simple and subjective, it is strongly associated
with more complex dimensions of physical and psycho-
logical health, and objective measures such as mortality
[42,43]. Data for LSOAs on population health by age
and sex were used to calculate directly standardised
prevalence of good/very good (hereafter referred to sim-
ply as ‘good’) and bad/very bad (‘bad’) health by LSOA.
It is of interest to investigate both ‘good’ and ‘bad’ health
since these are not necessarily just the inverse of one an-
other and both have been used in relevant studies prior
to this [7,11].Environmental indicators
Environmental indicators were selected on the basis of a
balance of a) characteristics perceived or theorised to re-
late to health and wellbeing, or with relevant evidence
from other literatures (such as that on environmental
preferences described above); b) availability of national
data at sufficient spatial resolution and for relevant time
periods; and c) policy relevance (e.g. subject to regula-
tion or potentially amenable to policy intervention). In-
evitably, there is a compromise to be struck between
data that are ideally desirable, and data that are available
for the required geographical coverage, resolution and
time period [44]. For environmental quality indicators,
the hypothesis is not that the specific measure is neces-
sarily directly affecting health and wellbeing, but that
the underlying broad construct is indicative of a natural
environment (characteristic) of a ‘type’ or ‘quality’ that
may be beneficial.Land cover type and diversity
A key set of environmental indicators were those relating
to land cover type. As indicated above, much of the litera-
ture has dichotomised built and green environments; how-
ever there is evidence to suggest different relationships
with health and wellbeing outcomes following (presumed)
exposure to different types of natural environment [30,45].
In order to classify ‘greenspace’ types in more detail, we
made use of the UK Land Cover Map (LCM) for 2007
[46]. The LCM 2007 maps land cover in detail across the
UK using satellite imagery combined with topographical
data, classifying land parcels into one of 23 categoriesa,
based on UK Biodiversity Action Plan Broad Habitats. De-
tailed LCM data are available for a 25 m resolution grid
(raster). These data were attributed to LSOA/DZ boundar-
ies using areal interpolation, to produce an area propor-
tion measure of each land cover type for each LSOA/DZ.
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aggregated to 10 LCM Aggregate Classes to enable
meaningful analysis (urban/suburban environment plus
nine natural land cover types). The 23 class version was
used to calculate an index of land cover diversity for
LSOA/DZ, using a Shannon diversity index formula ac-
counting for the number of different types, and their rela-
tive proportions within the area (see equation 1) [47].
SDI ¼ −
Xm
k¼1
Pkð Þ log Pkð Þ ð1Þ
SDI: Shannon Diversity Index; Pk: proportion of local
area classified as land cover type k; m: number of land
cover types present within the LSOA/DZ.
Biodiversity indicator
As described above, there is mixed evidence indicating
whether objectively measured biodiversity may be asso-
ciated with increased health and wellbeing, but there are
indications that the relationship is positive [22]. Bio-
diversity can be conceived of in numerous ways [48], but
in order to obtain an indicator meeting the needs of this
project, we focused on obtaining national, georeferenced
species richness data. Given that we required a spatially
comprehensive dataset at sufficient resolution to be
broadly applicable to LSOA/DZ boundaries, we obtained
data from the British Trust for Ornithology/BirdWatch
Ireland/Scottish Ornithologists' Club Bird Atlas 2007–11
[49]. The atlas is based on a systematic evaluation of
bird species occurrence, an indicator of biodiversity
[50,51], and a count of bird species richness (number of
different species observed) was obtained for each cell of
a 10 km grid. These data were again allocated to LSOA/
DZ boundaries using areal interpolation.
Generalised landscape quality indicator
As a general indicator of landscape quality, data on sur-
face (primarily river) water quality were used, measured
as part of the European Water Framework Directive by
national environmental agencies. Since surface water
flows through a catchment into rivers and other water
bodies, the quality of the water in those bodies is reflect-
ive of the quality (and degradation) of the wider catch-
ment, for example being impacted by agricultural
chemical runoff and other activities in the surrounding
landscape [52]. Data were available from the Environ-
ment Agency for England and Wales, for 7,055 water
sampling locations with a high resolution (1 metre) grid
reference and a valid ‘ecological status’ rating in 2011
[53]. These ratings indicate overall ecological status
based on various biological, chemical and hydrological
measures, and grade quality on a 5 point scale: High,
Good, Moderate, Poor and Bad. The score for eachsampling point was converted to an integer scale (with
High = 2, Moderate = 0 and Bad = -2). A simple inverse
distance weighted interpolation procedure (using a
weight of 2 and 12 nearest neighbours) was carried out
on these scores to estimate the spatial variation in ‘land-
scape quality’ for a 1 km square grid across England and
Wales. This grid size was selected as being appropriate
for the spatial distribution of the sampling points (mean
separation 2.5 km), and with regard to the geographical
scale of LSOAs (the ultimate target geography, small
areas with mean area of approximately 4 km2). Areal
interpolation was again used to estimate an area
weighted mean relative indicator of landscape quality,
based on local surface water quality, for each LSOA.
Protected and designated areas indicator
Granting protected or designated status to specific areas
is a key management process for environmental protec-
tion and enhancement, with local, national and inter-
national significance [54]. The inclusion of this indicator
reflects our assumption that ecological quality in pro-
tected/designated areas (PDAs) is necessarily high, an
approach used in previous research [55]. Geographical
boundaries of six key PDA types for Britain were ob-
tained from the national agencies (Natural England,
Countryside Council for Wales (now Natural Resources
Wales), and Scottish Natural Heritage). The included
area types were those primarily with ecological/bio-
logical importance: Sites of Special Scientific Interest,
Special Areas of Conservation, Special Protection Areas,
Local Nature Reserves, National Nature Reserves and
Ramsar designated wetlands [56]. Other PDA types, such
as National Parks and Areas of Outstanding Natural
Beauty, were considered, but rejected due to designation
on the basis of a diversity of characteristics such as cul-
tural heritage value, aesthetics and so on. Since these
areas are discrete polygons, we implemented a process
that would allow for both the presence/absence of these
areas, along with a certain degree of distance decay, i.e.
proximity of populations to PDAs. The PDA polygons
were converted to raster grids with a fine spatial reso-
lution (25 m), and these were subsequently converted to
point data (with one point per 25 m grid cell within the
protected/designated area boundary). Kernel Density Es-
timation was carried out to estimate the relative density/
proximity of these areas across Britain. This was again
carried out using a 1 km grid size, and using two search
radii, 10 km and 20 km. The resulting relative density
measure was allocated from the 1 km grid to LSOA/DZ
boundaries using an area weighted mean.
Analysis
A conceptual model was sketched to indicate hypothesised
pathways between natural environment type and quality
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indicating potential confounders and effect modifiers (see
Figure 1). The outcome measures were the LSOA age/sex
standardised percentage of people with a) good/very good
health and b) bad/very bad health. Ordinary least squares
regression models were fit in order to estimate associations
between the outcome measures, with environmental type
and quality indicators as predictors. Regression analyses ad-
justed for income, education and employment scores of the
2010 English Indices of Deprivation as area indicators of
population socio-economic status [57]. Models also ad-
justed for urban/rural status using a standard government
classification, which classifies urban areas as ‘physical settle-
ments’ with population of 10,000 or more [58]. Ambient air
quality was initially considered for inclusion in models, but
given its hypothetical role as one of the mechanisms under-
lying the relationship between natural environments and
general health (see Figure 1) it was not modelled as a po-
tential confounder. Due to the availability of relevant census
cross-tabulations at the time of analysis, and the most re-
cent deprivation indices (2010, based on 2001 LSOA
boundaries), analyses were limited to English LSOAs
remaining unchanged between 2001 and 2011 (deprivation
indices were unavailable for new LSOAs).
Environment type models were built in sequence, pre-
dicting each of good and bad health prevalence by:
Model 1. Individual land cover type proportions (each
entered in separate models)
Model 2. Model 1 + deprivation indices component
scores (linear) + urban/rural status (categorical, urban
as reference category)Figure 1 Conceptual model outlining hypothesised pathways between na
economic and urban/rural status are considered both as potential confounModel 3. Model 2 +mutual adjustment for all other
natural land cover types (excluding urban)
In model 3, the proportion of land cover that is built en-
vironment is excluded from models. The interpretation
for the coefficient for each land cover type is therefore the
change in the health outcome associated with a percentage
point increase in the local area share of that land cover,
whilst the share of built environment land cover decreases
equally. This approach has been used in previous work on
the prediction of house prices by local land cover mix in
hedonic regression modelling [59]. Similar modelling pro-
cedures were adopted for each environmental quality indi-
cator in turn, with crude models followed by adjustment
for area deprivation and urban/rural status.
Since studies suggest that effects of greenspace on
health may vary by rural/urban status [7,8], and socio-
economic deprivation [6], we tested for interaction be-
tween these area characteristics and environmental indi-
cators using likelihood ratio tests to compare full models
with and without interaction terms. Where effect modifi-
cation was indicated, we carried out stratified analyses to
explore patterns of variation in regression coefficients.
All analyses were conducted using ArcGIS 10.1 (ESRI,
Redlands, USA), Geospatial Modelling Environment 0.7
(Spatial Ecology LLC) and Stata 13 (StataCorp, College
Station, USA).
Results and discussion
Table 1 presents descriptive statistics for the environ-
mental indicators across the included LSOAs. Restricting
the analytical dataset to those areas with relevant censustural environmental type and quality and general health. Area socio-
ders and effect modifiers. Adapted from Hartig et al. (2014) [18].
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data for 31,672 of 32,844 English LSOAs, covering 96.4%
of the English population. As an example, Figure 2 de-
picts the source data for one of the environmental qual-
ity indicators, freshwater ecological quality, highlighting
how the quality measure at each water sampling point
was interpolated, with the resulting raster surface subse-
quently allocated to LSOA boundaries.Key findings: environment type & general health
Results from land cover regression models are presented
in Table 2 (good health) and 3 (bad health). Coefficients
represent the change in the directly age/sex standardised
good or bad health prevalence (%) associated with aTable 1 Descriptive statistics for environmental indicators,
Lower-layer Super Output Areas included in analyses (2011
Variable
Landcover types (% LSOA area coverage)a
Broadleaf woodland
Coniferous woodland
Arable/horticultural
Improved grassland
Semi-natural grassland
Mountain, heath & bog
Saltwater
Freshwater
Coastal
Urban/suburban
Environmental quality indicators
Landcover Shannon Diversity Index (2007)b
Bird species richness 2008 (number of species)
Freshwater ecological quality indicator (2011)c
Protected/designated areas kernel density indicator (10 km search radius)d
Protected/designated areas kernel density indicator (20 km search radius)d
General health (census 2011)
Prevalence good/very good health (Directly age/sex standardised %)
Prevalence bad/very bad health (Directly age/sex standardised %)
Area characteristics
LSOA area (km2)
Urban
Town/fringe
Rural
aIn each case, descriptive data are presented for each land cover type across all 31,
b.A score of 0 on the Shannon Diversity Index indicates that an LSOA is 100% cover
their relative abundance increases within the LSOA, so does the Index (e.g. an LSOA
10% broadleaf).
cThe freshwater quality indicator is interpolated from sample sites where overall ec
dThe protected/designated area density indicators are relative measures with no m
eSD = Standard Deviation; IQR = Inter-Quartile Range. Where distribution is substantpercentage point increase in land cover share of the rele-
vant environment type.
Most of the land cover type density measures exhibit
associations with good and bad health in the hypothe-
sised directions in crude models (Model 1), with higher
densities of each natural environment (‘greenspace’) type
associated with higher prevalence of good health, and
lower prevalence of bad health. These associations gen-
erally attenuate to some extent following adjustment for
deprivation indices and urban/rural category (Model 2),
and then a small selection of ‘greenspace’ types demon-
strate independent associations with health after mutual
adjustment for all land cover types (Model 3). One not-
able exception to this pattern is saltwater coverage,
which is associated with poorer health in crude models,general health and area characteristics, for English
, n = 31,672)
Mean SDe IQRe Min Max
4.37 - 5.81 0.00 88.94
0.56 - 0.00 0.00 63.97
13.59 - 19.93 0.00 95.53
15.98 - 22.28 0.00 85.79
2.41 - 3.02 0.00 69.02
0.67 - 0.00 0.00 72.65
0.03 - 0.00 0.00 38.49
0.49 - 0.00 0.00 77.65
0.31 - 0.00 0.00 91.59
61.59 - 61.68 0.11 100.00
0.93 0.44 0.65 0.00 2.37
87.77 10.79 14 36 141
-0.10 0.39 0.43 -1.97 0.99
81.40 - 63.42 0.00 1220.50
97.50 - 78.09 1.00 1007.71
80.84 5.72 8.29 59.42 94.61
5.79 2.81 3.80 0.74 18.75
4.04 - 1.03 0.02 683.78
n = 26,186
n = 2,986
n = 2,500
672 LSOAs e.g. mean broadleaf woodland coverage per LSOA is 4.37% by area.
ed by a single land cover type; as the number of different land covers and
60% urban and 40% broadleaf has a higher index than one 90% urban,
ological quality is scored from -2 (Bad) to 2 (High).
eaningful unit; derivation is described in the text.
ially asymmetric the SD is not stated.
Figure 2 Illustration of Water Framework Directive surface water quality sampling data, and resulting interpolated indicator surface.
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sised direction for good health prevalence, and attenu-
ates completely for bad health prevalence. The saltwater
land cover type is largely formed of estuaries, many of
which are adjacent to relatively socio-economically de-
prived industrial/post-industrial areas. This may explain
the inverse association with health in crude models, and
the fact that a positive association with good health is
observed in the full model is suggestive of a coastal/blue
space health benefit in these areas that is only apparent
after adjustment for deprivation [11]. A similar excep-
tion to the general pattern of results is coastal landcover, which does not demonstrate any association with
good or bad health in crude models, but after adjust-
ment is associated with both good and bad health in ac-
cord with the conceptual model (Figure 1), and with
previous work using a coastal proximity measure [5,11].
In the full model, positive associations are indicated
between good health and density of ‘broadleaf woodland’,
‘arable and horticulture’, ‘improved grassland’, ‘saltwater’
and ‘coastal environment’ types. Inverse associations
with bad health prevalence are observed for the same
environment types with the exception of saltwater as de-
scribed above. The identification of these specific
Table 2 Associations between land cover type density and directly age/sex standardised good/very good health
prevalence (%)
Land Cover Map 2007
Aggregate Class
Model 1: Single land cover
types, unadjusted
Model 2: Single land cover
types, adjusted for IoD and
urbanity
Model 3: Mutually adjusted for
all land covers, with IoD and
urbanity
LSOA % land cover B 95% CI p B 95% CI p B 95% CI p
Broadleaf woodland 0.184 0.176,0.193 <0.001 0.036 0.033,0.039 <0.001 0.032 0.029,0.035 <0.001
Coniferous woodland 0.221 0.196,0.247 <0.001 0.017 0.008,0.027 <0.001 -0.004 -0.013,0.006 0.449
Arable and horticulture 0.070 0.067,0.073 <0.001 0.002 0.001,0.003 0.002 0.004 0.002,0.005 <0.001
Improved grassland 0.093 0.089,0.097 <0.001 0.018 0.016,0.019 <0.001 0.016 0.014,0.018 <0.001
Semi-natural grassland 0.186 0.173,0.198 <0.001 0.016 0.011,0.020 <0.001 -0.002 -0.007,0.004 0.556
Mountain, heath, bog 0.120 0.102,0.137 <0.001 0.008 0.001,0.014 0.02 0.006 -0.001,0.013 0.082
Saltwater -0.379 -0.499,-0.259 <0.001 0.072 0.029,0.115 0.001 0.074 0.032,0.117 0.001
Freshwater 0.082 0.054,0.109 <0.001 0.008 -0.002,0.018 0.103 0.000 -0.010,0.010 0.982
Coastal 0.019 -0.004,0.043 0.109 0.014 0.006,0.023 0.001 0.019 0.010,0.027 <0.001
Urban/suburban -0.061 -0.063,-0.060 <0.001 -0.011 -0.012,-0.010 <0.001 a
IoD: Indices of Deprivation. B = change in directly age/sex standardised prevalence (%) of good/very good health associated with one percentage point increase in
LSOA land cover density. Bold coefficient - association in hypothesised direction, p < 0.05. Italicised coefficient - association in opposite direction to that
hypothesised, p < 0.05.
aUrban/suburban excluded from fully adjusted model.
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existing evidence, particularly that highlighting the po-
tential benefits of woodlands and coasts. Whilst this may
be in part due to these environment types being studied
under focussed research agendas [60,61], research that
has considered the spectrum of land cover types has
produced comparable findings. A study using a mobile
app (‘Mappiness’) to elicit georeferenced, immediate
subjective assessments of happiness identified these land
cover types as having amongst the strongest associations
[45]. Similarly, research on visits to natural environ-
ments (including urban parks) indicated visits to wood-
lands and coasts amongst those with the largest
association with psychological restoration [30]. It should
be noted that these studies were based on specific visits
to these environments, whereas the present study is
based on exposure according to residential location.
However, it seems reasonable to presume residential prox-
imity relates to more frequent visits; data for England for
2012/13 indicated that 66% of visits to ‘nature’ were within
2 miles/3.2 km of home [62], and coastal residents have
been shown to be 15 times more likely to have visited the
coast in the week prior to interview than those living more
than 20 km inland [63].
Investigation of effect modification in associations with
good and bad health indicated interaction between the
density of seven land cover types with income deprivation,
and three land cover types (two for bad health) with
urban/rural status. Charts in Figures 3 and 4 depict regres-
sion coefficients resulting from full models stratified on in-
come deprivation quintile and urban/rural as appropriate.
Models stratified by income deprivation are mostly con-
sistent with previous greenspace research [6,27], findingthat associations are strongest in the most deprived areas,
although the gradients across income deprivation quintiles
do appear to vary. For example, the coefficient for coastal
land cover is substantially larger in the highest deprivation
quintile than in others, for both good and bad health
(Figure 3), while there is a gentle gradient with regard to
broadleaf woodland. Similarly, there appears to be a
beneficial association between health and mountain/
heath/bog land cover only in the most deprived quin-
tile, an association which is to some extent masked
when considered without stratification (Tables 2 and 3).
The variation in associations with coniferous land cover
across deprivation quintiles presents an unclear picture,
which is difficult to interpret, but appears to be adverse in
some cases. This could suggest that the health (dis)bene-
fits of this environment type might vary according to place
or specific context.
Interaction tests indicated effect modification by
urban/rural category only for woodland and coastal en-
vironment types (Figure 4). The finding of the clearest
beneficial association between coastal land cover in
urban areas is consistent with previous work on coastal
proximity [11]. The differential urban/rural results for
woodland land cover are less easily interpreted. The as-
sociation between broadleaf woodland and good health
appears to be positive in all three area types, but with
the association in town and fringe areas considerably
weaker than in more urban or more rural areas. The pat-
tern of coefficients for coniferous woodland is again un-
clear, indicating an adverse association with both good
and bad health, but only amongst town and fringe areas.
This is similar to the mixed findings for coniferous
woodland cover by deprivation quintile, and similar
Figure 3 Strength of association between environment type and a) good health prevalence, b) bad health prevalence, stratified by income
deprivation quintile. p-value for interaction derives from a likelihood ratio test comparing full models with and without interaction terms between
the relevant land cover type and income deprivation quintile in each case.
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here.
Key findings: environmental quality & general health
Given the wide range of values for the protected/desig-
nated areas relative density indicator (0-1220 for the
10 km search radius version), versions scaled by 100 (i.e.
ranging 0-12.2) were used in regression models, in order
to produce coefficients for a unit increase at a reason-
able scale. Full models (Model 2) for the two versions of
the PDA kernel density indicator produced very similar
coefficients for the association with good health (B = 0.13,
95%CI 0.11, 0.15 for the 10 km version; B = 0.10, 95%CI
0.09, 0.12 for the 20 km version), suggesting limitedsensitivity to the choice of search radius for the kernel
density estimation. Therefore, for the sake of parsimony,
analyses are reported based on the 10 km version, as a
more ‘local’ indicator of density/proximity to PDAs.
Table 4 indicates results of crude and adjusted regres-
sion models estimating associations between environmen-
tal quality indicators and good/bad health prevalence.
Land cover diversity demonstrates positive associations
with good health and inverse associations with bad health,
which are attenuated, but not entirely, after adjustment. A
similar pattern of associations is observed between the
PDA density indicator and both good and bad health
prevalence, with associations in the hypothesised direc-
tions remaining after adjustment. Bird species richness is
Figure 4 Strength of association between environment type and a) good health prevalence, b) bad health prevalence, stratified by urban/rural
category. p-value for interaction derives from a likelihood ratio test comparing full models with and without interaction terms between the
relevant land cover type and urban/rural category in each case.
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justment, but the inverse association with bad health at-
tenuates completely in Model 2. Finally, the freshwater
ecological quality indicator associates with good and bad
health in the opposite direction to that hypothesised, with
better water quality associated with poorer population
health; these associations again attenuate, but remain, after
adjustment.
The findings for the indicators of land cover diversity,
biodiversity and protected/designated area density are
therefore consistent with our hypotheses, and some of
the previous research, that beneficial health effects of ex-
posure to higher quality natural environments [22].
However, the inverse association between water qualityand health is unexpected. It may be that this finding is
somehow indicative of the ‘environmentalist’s paradox’
[64]. If degraded surface water quality is indicative of
human activity (such as intensive agriculture) in the sur-
rounding catchment, but that human activity is a source
of social and economic benefit, then there may be popu-
lation health and wellbeing gain at the cost of environmen-
tal degradation. This of course can only be speculation
here, and it is not clear why this should be the case for this
environmental quality indicator and not for the others
(although they are measuring quite different facets of the
local environment).
Likelihood ratio tests for good health models indicated
evidence of interaction between all environmental quality
Table 3 Regression results: association between land cover type density and directly age/sex standardised bad/very
bad health prevalence (%)
Land Cover Map 2007
Aggregate Class
Model 1: Single land cover
types, unadjusted
Model 2: Single land cover
types, adjusted for IoD and
urbanity
Model 3: Mutually adjusted for
all land covers, with IoD and
urbanity
LSOA % land cover B 95% CI p B 95% CI p B 95% CI p
Broadleaf woodland -0.082 -0.086,-0.078 <0.001 -0.010 -0.012,-0.008 <0.001 -0.009 -0.011,-0.007 <0.001
Coniferous woodland -0.100 -0.113,-0.088 <0.001 -0.003 -0.008,0.002 0.289 0.003 -0.002,0.008 0.283
Arable and horticulture -0.033 -0.035,-0.032 <0.001 -0.001 -0.001,0.000 0.098 -0.001 -0.002,-0.000 0.001
Improved grassland -0.044 -0.046,-0.042 <0.001 -0.006 -0.007,-0.006 <0.001 -0.006 -0.007,-0.005 <0.001
Semi-natural grassland -0.087 -0.093,-0.081 <0.001 -0.004 -0.007,-0.002 0.001 0.001 -0.001,0.004 0.328
Mountain, heath, bog -0.055 -0.063,-0.046 <0.001 -0.002 -0.005,0.002 0.341 -0.002 -0.006,0.002 0.329
Saltwater 0.221 0.162,0.280 <0.001 -0.011 -0.034,0.013 0.361 -0.010 -0.033,0.014 0.418
Freshwater -0.036 -0.049,-0.022 <0.001 0.000 -0.005,0.006 0.914 0.003 -0.003,0.008 0.322
Coastal -0.010 -0.021,0.002 0.106 -0.009 -0.014,-0.005 <0.001 -0.011 -0.016,-0.006 <0.001
Urban/suburban 0.029 0.028,0.030 <0.001 0.004 0.003,0.004 <0.001 a
IoD: Indices of Deprivation. B = change in directly age/sex standardised prevalence (%) of good/very good health associated with one percentage point increase in
LSOA land cover density. Bold coefficient - association in hypothesised direction, p < 0.05. Italicised coefficient - association in opposite direction to that
hypothesised, p < 0.05.
aUrban/suburban excluded from fully adjusted model.
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rural category (with the exception of water quality, p-value
for interaction = 0.135). Bad health models also suggested
interactions with both income deprivation and urban/
rural, with the exception of land cover diversity and
urban/rural category (p = 0.562). Given these single excep-
tions in each case, stratified analyses were carried out for
all four environmental quality indicators to investigate pat-
terns in associations. The resulting regression coefficients
are charted in Figures 5 and 6, although it should be noted
that where the associated p-value for interaction is large,
there is limited statistical evidence of a difference between
strata. When stratified by deprivation quintile, coefficients
for the land cover diversity and PDA indicators areTable 4 Regression results: association between environment
good/very good, and bad/very bad health prevalence (%)
Environmental quality measures M
B
Good/Very Good Health
Shannon Land Cover Diversity Index 2
Bird species richness (+10 species) 0
Freshwater ecological quality indicator -0
Protected/designated areas kernel density indicator (10 km search radius) 0
Bad/Very Bad Health
Shannon Land Cover Diversity Index -1
Bird species richness (+10 species) -0
Freshwater ecological quality indicator 0
Protected/designated areas kernel density indicator (10 km search radius) -0
B = change in directly age/sex standardised prevalence (%) of good/very good heal
coefficient - association in hypothesised direction, p < 0.05. Italicised coefficient - asconsistent with previous evidence, suggesting stronger
beneficial associations for the most deprived populations.
Bird species richness demonstrates less clear gradients
across deprivation quintiles, but does again suggest the
strongest beneficial associations in the most deprived
quintile of LSOAs. The converse appears to be the case
for the water quality indicator, with the strongest adverse
associations in the most deprived quintile (although with-
out a clear deprivation gradient).
Urban/rural differentials are again mixed across the indi-
cators. Associations with land cover diversity are stronger
in more rural areas; for the PDA indicator the strongest as-
sociations are in urban areas. Bird species richness and
water quality coefficients suggest opposite associationsal quality indicators and directly age/sex standardised
odel 1: Unadjusted Model 2: Adjusted for IoD and urbanity
95% CI p B 95% CI p
.308 2.168,2.449 <0.001 0.274 0.220,0.329 <0.001
.456 0.398,0.515 <0.001 0.022 0.001,0.043 0.043
.629 -0.791,-0.467 <0.001 -0.095 -0.153,-0.037 0.001
.234 0.184,0.284 <0.001 0.132 0.114,0.150 <0.001
.093 -1.162,-1.024 <0.001 -0.087 -0.117,-0.057 <0.001
.237 -0.265,-0.208 <0.001 0.000 -0.011,0.012 0.962
.293 0.213,0.372 <0.001 0.039 0.008,0.071 0.015
.100 -0.125,-0.076 <0.001 -0.052 -0.061,-0.042 <0.001
th associated with unit increase in environmental quality indicators. Bold
sociation in opposite direction to that hypothesised, p < 0.05.
Figure 5 Strength of association between environmental quality indicators and a) good health prevalence, b) bad health prevalence, stratified by
income deprivation quintile.*Coefficient associated with an increase of 10 species p-value for interaction derives from a likelihood ratio test
comparing full models with and without interaction terms between the relevant land cover type and urban/rural category in each case.
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indicator positively associated with good health in urban
areas, but inversely associated in more rural areas. As with
coniferous land cover, interpreting these differences mean-
ingfully is difficult, and not necessarily appropriate with this
type of study (see limitations below).
Strengths & limitations
There is substantive merit in this type of study; by con-
sidering (almost) the entire population, at national scale,
the study is able to take a broad, descriptive view, and to
consider whether, for example, small-scale, short-term
experimental findings are evident at population scale.
This kind of large scale quantification therefore providesa useful adjunct to other types of study in this field, such
as intervention studies [65], natural experiments [66],
smaller scale, more detailed observational research [40],
qualitative investigation [67] and longitudinal studies
[4,68], and forms a useful part of the mix of methodo-
logical and disciplinary approaches needed to under-
stand environmental influences on health at population
scales [69].
The analysis capitalises on the power of large datasets to
consider the relationship between natural environments
and health across urban and rural environments, and to
assess how these relationships vary between areas with dif-
fering socio-economic status. The national scope and the
exploration of a variety of environmental indicators permit
Figure 6 Strength of association between environmental quality indicators and a) good health prevalence, b) bad health prevalence, stratified by
urban/rural category.*Coefficient associated with an increase of 10 species. p-value for interaction derives from a likelihood ratio test comparing
full models with and without interaction terms between the relevant land cover type and urban/rural category in each case.
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a wide range of natural environmental conditions.
As an ecological, small-area study, this analysis has lim-
ited power to infer causal links between the natural envir-
onmental exposures and health outcomes considered. The
study is subject to the limitations typical of this design, in-
cluding inability to determine temporal sequence of ex-
posure and outcome. Another key facet of this study
design is the potential role of the ecological fallacy – we
cannot presume that associations observed at this aggre-
gate level are necessarily reflections of associations at indi-
vidual level. It is worth noting here that the potential
measurement errors, even if non-differential, do have thepotential to bias measures of association (regression coef-
ficients) away from the null in this type of study [70]. Add-
itional bias may arise through the lack of age/sex
standardisation of exposure variables (which is not feasible
for any of those under consideration) [71].
There is also the possibility of residual confounding,
especially by socio-economic status, if this is incom-
pletely controlled for by the area measures included in
models. The data are from various sources and some-
what inevitably are therefore from different time periods,
although they are all within a few years of each other.
The approach makes a presumption, in common with
many similar studies, that small area environmental
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ure of local resident populations to the environmental
conditions of interest [72]. Despite a mean area of only
4 km2, some LSOAs are considerably larger, and these
areas are likely to be heterogeneous in terms of environ-
ment and population to varying extents, introducing
noise into assessment of associations across all areas.
There are a number of other limitations specific to the
work presented here. The environmental indicators are
derived based on available, relevant data, and are not
perfect representations of local environmental condi-
tions. For example, LCM 2007 data do not include small
land parcels (those <0.5 ha are dissolved into surround-
ing parcels). This may be of particular importance in
urban areas, where ‘pocket parks’ and other small
patches of non-built environment might be important
features with regard to neighbourhood health and well-
being [73]. Whilst the LCM data therefore result in
some misclassification of small urban green spaces as
built, comparison with a high resolution greenspace in-
dicator used in previous research [6] with the total
LCM-based non-built environment coverage gives a cor-
relation coefficient of 0.96. In terms of the other indica-
tors, the water quality and PDA indicators are subject to
the decisions made during the processes of spatial allo-
cation to LSOAs, and the bird species richness measure
(a simple species count without regard to what would be
expected for a given habitat) is a relatively simplistic in-
dicator of biodiversity. Further, interpolated data on
water quality will more accurately reflect the underlying
landscape quality characteristic in areas with higher
density of sampling locations. Lastly, more complex
spatial modelling of environmental data could be war-
ranted, e.g. using catchment boundaries to define the ex-
tent of water quality measurement relevance, or including
consideration of proximity to different environment types,
rather than being confined by statistical area boundaries.
It may also be that case, especially if psychological
mechanisms are at play (see Figure 1), that perceptions
or beliefs regarding environmental conditions may be
more important than what is objectively measured, as
has been found in some previous research [40]. The ac-
cessibility ofthe natural environment in local areas (e.g.
via transport networks, access points) is also not mea-
sured here, and is likely to be important.
Implications
In general, while there is strong statistical evidence for
the associations observed here, the strength of associ-
ation in each case is generally fairly weak, and the eco-
logical design means that bias toward or away from the
null is possible. Most of the spatial variation in popula-
tion health is explained by socio-economic status, rather
than environmental quality or type (a model predictinggood health prevalence with the 9 natural land cover type
measures has R2 = 0.15; adding the three deprivation indi-
ces increases this to 0.88). However, as has been argued
previously in greenspace research [4], and in more broad
consideration of population health determinants [74],
small effects distributed widely across a population have
the potential for substantial public health impact.
Mitchell et al. propose that good access to greenspace ap-
pears to be ‘equigenic’ – “able to disrupt the usual conver-
sion of socio-economic inequality to health inequality” [75].
Observations here of stronger beneficial associations in
more socio-economically deprived areas support this con-
tention, especially with regard to certain environments such
as the coast and protected/designated areas. The findings
suggest that these natural characteristics, as well as the
availability of ‘greenspace’ in the local area, may be dispro-
portionately beneficial for more deprived communities. The
application of protected or designated status is an import-
ant part of environmental management and protection.
This study suggests that this recognition and safeguarding
of high quality and important environments may also be
particularly beneficial for human health and wellbeing, es-
pecially for urban communities.
Despite uncertainties in the evidence base, the nature,
health and wellbeing axis is becoming prominent in pol-
icy across Europe. In the UK, the 2011 Public Health
white paper [76] indicates the value for public health of
access to greenspace, and the 2012 Public Health Out-
comes Framework includes an indicator of activity in
outdoor environments [77]. The 2011 Natural Environ-
ment white paper [78] links new Health and Wellbeing
Boards and Local Nature Partnerships, and considers the
value of nature for health. UK National Institute for
Health and Clinical Care Excellence (NICE) guidance on
environment and physical activity recommends that au-
thorities “Ensure public open spaces and public paths
are maintained to a high standard. They should be safe,
attractive and welcoming to everyone” [79]. The import-
ance of the quality of natural environments is raised in
the Accessible Natural Greenspace Standard [80], but
policies largely reflect the evidence, referring to green-
space in general terms. International policy also reflects
the increasing consideration of linkages between envir-
onmental type and quality and human health and well-
being. At the European level, strategies such as those
relating to green infrastructure [81] and biodiversity [82]
make reference to the wider health and wellbeing im-
pacts of related policy and decision making. Globally, ef-
forts have been made to recognise health and wellbeing
within the Convention on Biological Diversity [83].
This study has focussed on the UK, but given the
growing international body of evidence on links between
nature, health and wellbeing (see Background), and the
regional/global policy context, further research on this
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able. Opportunities exist to construct similar measures
of natural environment type and quality to those used
here that could be linked to human health and wellbeing
data. For example, international land cover datasets such
as CORINE are available and have already been used for
relevant research [84,85]; the Chinese government also
recently released a 30 m resolution global landcover
dataset [86]. Environmental quality measures could simi-
larly be constructed, such as indicators of protected/des-
ignated areas using international systems such as the
European NATURA 2000 network [87]. There are sug-
gestions that various aspects of regional/local context
may influence nature-health-wellbeing links, such as
socio-cultural attitudes and norms, and climate-related
promotion or limitation of outdoor activity [88-91]; in
carrying out internationally comparable research, these
issues would need to be taken into consideration.
The ecosystem services approach is now a critically
important international framework for the appreciation
and valuation of the impacts of different environments
and ecological processes on human wellbeing [92,93].
Improving our understandings of the complexities of the
relationships between different characteristics of natural
environments, in their socio-spatial context, is an im-
portant part of this rapidly developing field of research
and policy. It is clear that there is a need for a diverse
and robust evidence base to inform relevant environ-
mental and health policies and programmes. Despite the
limitations of this particular study, it adds to the volume
of evidence on nature and health in that context, and
presents opportunities for further enquiry.
Future research could benefit from applying the type of
indicators used here to enhance understandings of the
complexities of how different environmental characteristics
might best support population health and wellbeing. Add-
itional work carried out under this project is investigating
longitudinal analysis of panel data using the same environ-
mental indicators, and localised, case study approaches to
the same questions. Further work is also needed to develop
and test more sophisticated methods of allocating environ-
mental data to statistical boundaries, for example account-
ing for proximity rather than simple intersection.
Conclusions
The findings presented here suggest that different natural
environment types, and their quality-related characteris-
tics, could well be differentially important for salutogen-
esis. Several key environment types and some of the
quality indicators appear to be associated with good and
bad population health as hypothesised. However, some of
the indicators demonstrate inconsistent or inverse associa-
tions with general population health. Whilst subject to the
limitations of the ecological design, the study contributesto the early stage evidence on this topic, and indicates that
follow-up research is warranted. Studying ‘greenspace’ in
its broad sense is still valuable, but these findings do indi-
cate, in concordance with other recent research, that con-
sideration of the complexities of natural environments is
an important aspect of improving our understanding of
how they relate to population health.
It is clear that there should be opportunities for simul-
taneously improving and protecting both natural envi-
ronments and population health and wellbeing. The
more that the complexities and inconsistencies of these
interactions are properly understood, the more likely are
policies and programmes to genuinely benefit people
and our environments.
Endnote
aLCM2007 Classes: Broadleaved woodland, coniferous
woodland, arable and horticulture, improved grassland,
rough grassland, neutral grassland, calcareous grassland,
acid grassland, fen marsh and swamp, heather, heather
grassland, bog, montane habitats, inland rock, saltwater,
freshwater, supra-littoral rock, supra-littoral sediment,
littoral rock, littoral sediment, saltmarsh, suburban, urban.
Abbreviations
DZ: Data Zones; GLUD: Generalised Land Use Database; Km: Kilometre;
LCM: Land Cover Map; LSOA: Lower-layer Super Output Areas;
MENE: Monitor of Engagement with Natural Environment; NDVI: Normalised
Difference Vegetation Index; NICE: National Institute for Health and Clinical
Care Excellence; PDAs: Protected/designated areas; UK: United Kingdom.
Competing interests
The Beyond Greenspace project received input from Cornwall Wildlife Trust,
Natural England and Forest Research, which all provided representatives for
the project advisory board. These organisations are all involved in
developing policies and practical programmes to protect and improve
natural environments in the UK.
Authors’ contributions
BW, RL and SH led the development of environmental indicators and analyses
of census data, and jointly drafted the first version of the manuscript. All authors
contributed substantively to the development of the wider project, the
selection of environmental and other data sources, and the analytical approach.
All authors commented upon and contributed to various drafts of the
manuscript, and all read and approved the final submitted version.
Acknowledgements
This work was supported by the Economic and Social Research Council [ES/
K002872/1]. The European Centre for Environment and Human Health (part
of the University of Exeter Medical School) is in part financed by the
European Regional Development Fund Programme 2007 to 2013 and
European Social Fund Convergence Programme for Cornwall and the Isles of
Scilly. The funders did not influence the collection, analysis or interpretation
of data, the writing of the manuscript or the decision to submit the
manuscript for publication. BW thanks Dr Jan Rigby and Maynooth University
for hosting a research visit during which work on the paper was carried out.
We acknowledge the sources of the environmental data used for this work:
Dr Simon Gillings at the British Trust for Ornithology, the Centre for Ecology and
Hydrology, the Environment Agency for England and Wales, the Scottish
Environmental Protection Agency, Natural England, Natural Resources Wales
and Scottish Natural Heritage. Census data were sourced from the Office for
National Statistics and are © Crown Copyright 2013. Due to the nature of some
of the research materials (secondary data under licence) supporting this
Wheeler et al. International Journal of Health Geographics  (2015) 14:17 Page 16 of 17publication, not all of the data can be made accessible to other researchers.
Please contact Dr Ben Wheeler (b.w.wheeler@exeter.ac.uk) for more information.
The project benefited from the valuable guidance of an advisory board,
detailed on the project blog (beyondgreenspace.wordpress.com). The work
presented here remains the responsibility of the authors alone.
Author details
1European Centre for Environment and Human Health, University of Exeter
Medical School, Truro Campus, Knowledge Spa, Royal Cornwall Hospital,
Truro, Cornwall TR1 3HD, UK. 2Department of Paediatrics, University of
Melbourne, Flemington RoadParkville, Melbourne, Australia. 3NIHR CLAHRC
South West Peninsula (PenCLAHRC), Plymouth University Peninsula Schools
of Medicine and Dentistry, N32, ITTC Building, Tamar Science Park, Plymouth
PL6 8BX, UK. 4School of Geographical Sciences, University of Bristol,
University Road, Bristol BS8 1SS, UK.
Received: 28 January 2015 Accepted: 30 March 2015
References
1. Antonovsky A. The salutogenic model as a theory to guide health
promotion. Health Promot Int. 1996;11:11–8.
2. Lachowycz K, Jones AP. Greenspace and obesity: a systematic review of the
evidence. Obes Rev. 2011;12:e183–9.
3. Maas J, Verheij RA, de VS, Spreeuwenberg P, Schellevis FG, Groenewegen
PP. Morbidity is related to a green living environment. J Epidemiol
Community Health. 2009;63:967–73.
4. White MP, Alcock I, Wheeler BW, Depledge MH. Would you be happier
living in a greener urban area? A fixed-effects analysis of panel data. Psychol
Sci. 2013;24:920–8.
5. White MP, Alcock I, Wheeler BW, Depledge MH. Coastal proximity, health and
well-being: Results from a longitudinal panel survey. Health Place. 2013;23:97–103.
6. Mitchell R, Popham F. Effect of exposure to natural environment on health
inequalities: an observational population study. Lancet. 2008;372:1655–60.
7. Mitchell R, Popham F. Greenspace, urbanity and health: relationships in
England. J Epidemiol Community Health. 2007;61:681–3.
8. Maas J, Verheij RA, Groenewegen PP, de Vries S, Spreeuwenberg P. Green
space, urbanity, and health: how strong is the relation? J Epidemiol
Community Health. 2006;60:587–92.
9. Agay-Shay K, Peled A, Crespo AV, Peretz C, Amitai Y, Linn S, et al. Green spaces
and adverse pregnancy outcomes. Occup Environ Med. 2014;71:562–9.
10. Ulrich RS. View through a window May influence recovery from surgery.
Science. 1984;224:420–1.
11. Wheeler BW, White M, Stahl-Timmins W, Depledge MH. Does living by the
coast improve health and wellbeing? Health Place. 2012;18:1198–201.
12. Kaplan R, Kaplan S. The experience of nature: A psychological perspective.
Cambridge: Cambridge University Press; 1989.
13. Ulrich RS, Simons RF, Losito BD, Fiorito E, Miles MA, Zelson M. Stress
recovery during exposure to natural and urban environments. J Environ
Psychol. 1991;11:201–30.
14. Coombes E, Jones AP, Hillsdon M. The relationship of physical activity and
overweight to objectively measured green space accessibility and use. Soc
Sci Med. 2010;70:816–22.
15. Nowak DJ, Crane DE, Stevens JC. Air pollution removal by urban trees and
shrubs in the United States. Urban For Urban Green. 2006;4:115–23.
16. Rook GA. Regulation of the immune system by biodiversity from the natural
environment: An ecosystem service essential to health. Proc Natl Acad Sci.
2013;110:18360–7.
17. Kuo F, Sullivan W, Coley R, Brunson L. Fertile ground for community: inner-city
neighborhood common spaces. Am J Community Psychol. 1998;26:823–51.
18. Hartig T, Mitchell R, de Vries S, Frumkin H. Nature and health. Annu Rev
Public Health. 2014;35:207–28.
19. Lee AC, Maheswaran R. The health benefits of urban green spaces: a review
of the evidence. J Public Health (Oxf). 2010;33:212–22.
20. Bowler DE, Buyung-Ali LM, Knight TM, Pullin AS. A systematic review of evidence
for the added benefits to health of exposure to natural environments. BMC Public
Health. 2010;10:456.
21. Thompson Coon J, Boddy K, Stein K, Whear R, Barton J, Depledge MH. Does
participating in physical activity in outdoor natural environments have a
greater effect on physical and mental wellbeing than physical activity
indoors? A systematic review. Environ Sci Technol. 2011;45:1761–72.22. Lovell R, Wheeler BW, Higgins SL, Irvine KN, Depledge MH. A systematic
review of the health and well-being benefits of biodiverse environments.
J Toxicol Environmen Health, Part B. 2014;17:1–20.
23. Bjork J, Albin M, Grahn P, Jacobsson H, Ardo J, Wadbro J, et al. Recreational values
of the natural environment in relation to neighbourhood satisfaction, physical
activity, obesity and wellbeing. J Epidemiol Community Health. 2008;62, e2.
24. Velarde MD, Fry G, Tveit M. Health effects of viewing landscapes – Landscape
types in environmental psychology. Urban For Urban Green. 2007;6:199–212.
25. Jorgensen A, Gobster PH. Shades of green: measuring the ecology of urban
green space in the context of human health and well-being. Nat Cult.
2010;5:338–63.
26. Lachowycz K, Jones AP, Page AS, Wheeler BW, Cooper AR. What can global
positioning systems tell us about the contribution of different types of urban
greenspace to children's physical activity? Health Place. 2012;18:586–94.
27. de Vries S, Verheij RA, Groenewegen PP, Spreeuwenberg P. Natural
environments - healthy environments? An exploratory analysis of the relationship
between greenspace and health. Environ Plann A. 2003;35:1717–31.
28. Volker S, Kistemann T. The impact of blue space on human health and
well-being - Salutogenetic health effects of inland surface waters: a review.
Int J Hyg Environ Health. 2011;214:449–60.
29. Annerstedt M, Ostergren P-O, Bjork J, Grahn P, Skarback E, Wahrborg P. Green
qualities in the neighbourhood and mental health - results from a longitudinal
cohort study in Southern Sweden. BMC Public Health. 2012;12:337.
30. White MP, Pahl S, Ashbullby K, Herbert S, Depledge MH. Feelings of
restoration from recent nature visits. J Environ Psychol. 2013;35:40–51.
31. Grahn P, Stigsdotter UK. The relation between perceived sensory dimensions of
urban green space and stress restoration. Landscape Urban Plan. 2010;94:264–75.
32. Van den Berg AE, Koole SL. New wilderness in the Netherlands: An
investigation of visual preferences for nature development landscapes.
Landsc Urban Plan. 2006;78:362–72.
33. Korpela KM, Ylen M, Tyrvainen L, Silvennoinen H. Stability of self-reported
favourite places and place attachment over a 10-month period. J Environ
Psychol. 2009;29:95–100.
34. Hartig T, Evans GW. Psychological Foundations of Nature Experience. In:
Advances in Psychology. Volume 96. Gärling T, Golledge RG, editors.
North- Holland: 1993;427-457.
35. Hillsdon M, Panter J, Foster C, Jones A. The relationship between access and
quality of urban green space with population physical activity. Public Health.
2006;120:1127–32.
36. Giles-Corti B, Broomhall MH, Knuiman M, Collins C, Douglas K, Ng K, et al.
Increasing walking: How important is distance to, attractiveness, and size of
public open space? Am J Prev Med. 2005;28:169–76.
37. van Dillen SM, de Vries S, Groenewegen PP, Spreeuwenberg P. Greenspace
in urban neighbourhoods and residents' health: adding quality to quantity.
J Epidemiol Community Health. 2012;66:e8.
38. Bernstein AS. Biological diversity and public health. Annu Rev Public Health.
2014;35:153–67.
39. Fuller RA, Irvine KN, Devine-Wright P, Warren PH, Gaston KJ. Psychological
benefits of greenspace increase with biodiversity. Biol Lett. 2007;3:390–4.
40. Dallimer M, Irvine KN, Skinner AMJ, Davies ZG, Rouquette JR, Maltby LL, et al.
Biodiversity and the feel-good factor: understanding associations between self-
reported human well-being and species richness. Bioscience. 2012;62:47–55.
41. Office for National Statistics. Super output areas (SOAs). [http://
www.ons.gov.uk/ons/guide-method/geography/beginner-s-guide/census/
super-output-areas–soas-/index.html]
42. Mavaddat N, Kinmonth AL, Sanderson S, Surtees P, Bingham S, Khaw KT.
What determines self-rated health (SRH)? a cross-sectional study of SF-36
health domains in the EPIC-Norfolk cohort. J Epidemiol Community Health.
2011;65:800–6.
43. Kyffin RG, Goldacre MJ, Gill M. Mortality rates and self reported health:
database analysis by English local authority area. BMJ. 2004;329:887–8.
44. Briggs DJ, Corval CF, Zielhuis G. Methods for building environmental health
indicators. In: Decision-making in environmental health. London: E & FP
Spon; 2000. p. 57–75.
45. MacKerron G, Mourato S. Happiness is greater in natural environments. Glob
Environ Chang. 2013;23:992–1000.
46. Morton D, Rowland C, Wood C, Meek L, Marston C, Smith G, Simpson IC. Final
report for LCM2007 – the new UK land cover map. NERC/Centre for Ecology &
Hydrology. CS Technical Report No 11/07 (CEH project number: C03259); 2011.
47. Turner MG. Spatial and temporal analysis of landscape patterns. Landscape
Ecol. 1990;4:21–30.
Wheeler et al. International Journal of Health Geographics  (2015) 14:17 Page 17 of 1748. Mace GM, Norris K, Fitter AH. Biodiversity and ecosystem services: a
multilayered relationship. Trends Ecol Evol. 2012;27:19–26.
49. Balmer DE, Gillings S, Caffrey BJ, Swann RL, Downie IS, Fuller RJ. Bird atlas
2007-11: the breeding and wintering birds of Britain and Ireland. Thetford:
BTO Books; 2013.
50. Gregory R, Noble D, Field R, Marchant J, Raven M, Gibbons D. Using birds as
indicators of biodiversity. Ornis Hungarica. 2003;12:11–24.
51. BirdLife International. Birds are very useful indicators for other kinds of
biodiversity. Presented as part of the BirdLife State of the world's birds
website. [http://www.birdlife.org/datazone/sowb/casestudy/79].
52. Allan JD. Landscapes and riverscapes: the influence of land Use on stream
ecosystems. Annu Rev Ecol Evol Syst. 2004;35:257–84.
53. Environment Agency. Datashare. [http://www.geostore.com/environment-
agency/]
54. DEFRA. Guidance: Protected or designated areas. [https://www.gov.uk/
protected-or-designated-areas]
55. Paracchini ML, Zulian G, Kopperoinen L, Maes J, Schägner JP, Termansen M,
et al. Mapping cultural ecosystem services: A framework to assess the
potential for outdoor recreation across the EU. Ecol Indic. 2014;45:371–85.
56. Natural England. Conservation Designations. [http://www.naturalengland.org.uk/
ourwork/conservation/designations/default.aspx]
57. Department for Communities and Local Government. The English Indices of
Deprivation 2010. [https://www.gov.uk/government/statistics/english-indices-
of-deprivation-2010]
58. Office for National Statistics. 2011 Rural-Urban Classification for small area
geographies. [http://www.ons.gov.uk/ons/guide-method/geography/
products/area-classifications/2011-rural-urban/index.html]
59. Mourato S, Atkinson G, Collins M, Gibbons S, MacKerron G, Resende G. UK
National Ecosystem Assessment: Economic Analysis of Cultural Services:
Final Report. LSE; 2010.
60. Depledge MH, Bird WJ. The Blue Gym: health and wellbeing from our
coasts. Mar Pollut Bull. 2009;58:947–8.
61. Nilsson K, Sangster M, Gallis C, Hartig T, de Vries S, Seeland K, et al. Forests,
trees and human health. New York: Springer; 2011.
62. Natural England. Monitor of Engagement with the Natural Environment:
The national survey on people and the natural environment. Annual Report
from the 2012-13 survey. Natural England; 2013.
63. White MP, Wheeler BW, Herbert S, Alcock I, Depledge MH. Coastal proximity
and physical activity: Is the coast an under-appreciated public health
resource? Prev Med. 2014;69:135–40.
64. Raudsepp-Hearne C, Peterson GD, Tengö M, Bennett EM, Holland T, Benessaiah
K, et al. Untangling the Environmentalist's paradox: Why is human well-being
increasing as ecosystem services degrade? Bioscience. 2010;60:576–89.
65. Hartig T, Evans GW, Jamner LD, Davis DS, Garling T. Tracking restoration in
natural and urban field settings. J Environ Psychol. 2003;23:109–23.
66. Silveirinha de Oliveira E, Aspinall P, Briggs A, Cummins S, Leyland AH,
Mitchell R, et al. How effective is the Forestry Commission Scotland's
woodland improvement programme—‘Woods In and Around Towns’
(WIAT)—at improving psychological well-being in deprived urban
communities? A quasi-experimental study. BMJ Open. 2013;3:e003648.
67. Irvine K, Warber S, Devine-Wright P, Gaston K. Understanding urban green
space as a health resource: a qualitative comparison of visit motivation and
derived effects among park users in Sheffield, UK. Int J Environ Res Public
Health. 2013;10:417–42.
68. Astell-Burt T, Mitchell R, Hartig T. The association between green space and
mental health varies across the lifecourse. A longitudinal study. J Epidemiol
Community Health. 2014;68:578–83.
69. Franco M, Bilal U, Diez-Roux AV. Preventing non-communicable diseases
through structural changes in urban environments. J Epidemiol Community
Health. 2014. doi:10.1136/jech-2014-203865.
70. Brenner H, Savitz DA, Jockel KH, Greenland S. Effects of nondifferential
exposure misclassification in ecologic studies. Am J Epidemiol. 1992;135:85–95.
71. Greenland S, Morgenstern H. Ecological bias, confounding, and effect
modification. Int J Epidemiol. 1989;18:269–74.
72. Sabel CE, Gatrell AC, Löytönen M, Maasilta P, Jokelainen M. Modelling
exposure opportunities: estimating relative risk for motor neurone disease
in Finland. Soc Sci Med. 2000;50:1121–37.
73. Nordh H, Hartig T, Hagerhall CM, Fry G. Components of small urban parks
that predict the possibility for restoration. Urban For Urban Green.
2009;8:225–35.
74. Rose G. Sick individuals and sick populations. Int J Epidemiol. 2001;30:427–32.75. Mitchell R, Shortt N, Richardson E, Pearce J. Is access to green space associated
with smaller socio-economic inequalities in mental wellbeing among urban
dwellers across Europe? [abstract]. Eur J Public Health. 2014;24:s2.
76. Department of Health. Healthy Lives, Healthy People: Our strategy for public
health in England. London: HM Government; 2011.
77. Department of Health. Improving outcomes and supporting transparency: Part
1: A public health outcomes framework for England, 2013-2016. London: HM
Government; 2012.
78. DEFRA. The Natural Choice: securing the value of nature. London: HM
Government; 2011.
79. NICE. Promoting and creating built or natural environments that encourage
and support physical activity. Public Health Guidance 8. London: National
Institute for Health and Clinical Excellence; 2008.
80. England N. Nature nearby: Accessible Natural Greenspace Guidance. Natural
England: Peterborough; 2010.
81. European Commission. Green Infrastructure (GI) — Enhancing Europe’s Natural
Capital. [http://eur-lex.europa.eu/legal-content/EN/TXT/?uri=CELEX:52013DC0249]
82. European Commission. Our life insurance, our natural capital: an EU
biodiversity strategy to 2020. [http://eur-lex.europa.eu/legal-content/EN/TXT/
?uri=CELEX:52011DC0244]
83. Convention on Biological Diversity. SBSTTA 18 Recommendation XVIII/14:
Health and biodiversity. [https://www.cbd.int/recommendation/sbstta/
default.shtml?id=13339]
84. Votsi N-EP, Mazaris AD, Kallimanis AS, Drakou EG, Pantis JD. Landscape
structure and diseases profile: associating land use type composition with
disease distribution. Int J Environ Health Res. 2013;24:176–87.
85. de Jong K, Albin M, Skarback E, Grahn P, Wadbro J, Merlo J, et al. Area-
aggregated assessments of perceived environmental attributes may overcome
single-source bias in studies of green environments and health: results from a
cross-sectional survey in southern Sweden. Environ Health. 2011;10:4.
86. Jun C, Ban Y, Li S. China: open access to earth land-cover map. Nature.
2014;514:434.
87. European Commission. Natura 2000 network. [http://ec.europa.eu/
environment/nature/natura2000/index_en.htm]
88. Hartig T, Catalano R, Ong M. Cold summer weather, constrained restoration,
and the use of antidepressants in Sweden. J Environ Psychol. 2007;27:107–16.
89. Mowafi M, Khadr Z, Bennett G, Hill A, Kawachi I, Subramanian SV. Is access
to neighborhood green space associated with BMI among Egyptians? A
multilevel study of Cairo neighborhoods. Health Place. 2012;18:385–90.
90. Hough RL. Biodiversity and human health: evidence for causality? Biodivers
Conserv. 2014;23:267–88.
91. Clark NE, Lovell R, Wheeler BW, Higgins SL, Depledge MH, Norris K.
Biodiversity, cultural pathways, and human health: a framework. Trends Ecol
Evol. 2014;29:198–204.
92. Millennium Ecosystem Assessment. Ecosystems and Human Well-being:
Health Synthesis. Washington, DC: Island Press; 2005.
93. UK National Ecosystem Assessment. The UK National Ecosystem Assessment:
Synthesis of the Key Findings. UNEP-WCMC; 2011.Submit your next manuscript to BioMed Central
and take full advantage of: 
• Convenient online submission
• Thorough peer review
• No space constraints or color ﬁgure charges
• Immediate publication on acceptance
• Inclusion in PubMed, CAS, Scopus and Google Scholar
• Research which is freely available for redistribution
Submit your manuscript at 
www.biomedcentral.com/submit
